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A B S T R A C T

In this work, we present a simple and flexible model for Plasmodium vivax dynamics which can be easily
combined with routinely collected data on local and imported case counts to quantify transmission intensity
and simulate control strategies. This model extends the model from White et al. (2016) by including case
management interventions targeting liver-stage or blood-stage parasites, as well as imported infections. The
endemic steady state of the model is used to derive a relationship between the observed incidence and the
transmission rate in order to calculate reproduction numbers and simulate intervention scenarios. To illustrate
its potential applications, the model is used to calculate local reproduction numbers in Panama and identify
areas of sustained malaria transmission that should be targeted by control interventions.
1. Introduction

Long considered as a benign malaria parasite, Plasmodium vivax is
now increasingly recognized as an important public health issue, due
to its potential severe clinical outcomes, its large health and socio-
economic burden and the challenges associated with its elimination and
control [1–3]. In 2017, Battle et al. [4] estimated about 14 million
cases worldwide, and more than 3 billion people living within the
limits of the parasite transmission across the globe. A distinguishing
characteristic of P. vivax is its capacity to remain dormant and un-
detected in the liver of the infected host for long periods of time.
The parasite reservoir in the liver stage is still difficult to measure
and quantify (even though there are recent advances [5]), but its
reactivation, i.e. relapse infections, are believed to constitute a large
fraction of reported incident infections [6]. This mechanism, along with
other specific characteristics such as the lower density infections that
are harder to detect, increases parasite robustness in a wide range of en-
vironments [2,7] and thus complicates elimination efforts. As a result,
while P. falciparum elimination is well advanced in Central America
and the Greater Mekong Subregion, P. vivax incidence reductions have
been slower. As such, drugs to clear liver stage in addition to blood
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stage parasites are required to avoid reinfections and potentially reduce
transmission, though the drugs currently existing to clear liver-stage
parasites, 8-aminoquinolines such as primaquine (PQ) and tafenoquine
(TQ), are difficult to implement [2].

In this context, mathematical modelling can prove useful to help
disentangle the effects of these P. vivax specificities and explore the
potential effectiveness of different control interventions [2]. Several
population-level mechanistic P. vivax models were introduced over the
last decades to explicitly include the relapse mechanism [7–14] and
they have been used to explore the effect of interventions such as
treatment, bednet distributions or mass drug administration [6,10–15].
Among the models that include treatment, some focus exclusively on
liver stage treatment [12] while in others the blood stage treatment
is also added, either as a reduced clearance rate assumed for all
individuals [13] or as a specific disease state [14]. Some P. vivax
models also simulate the effect of the importation of infections from one
area to another, by explicitly representing the movement of individuals
between regions or countries [14,16].
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Furthermore, mathematical models are useful tools to support the
trategic planning of country, district or local malaria control mea-
ures [17]. In particular, mathematical models can be used to simulate
he effect of differing intervention scenarios, such as changes in case
anagement or vector control practices, and hence explore where

nd under what conditions these interventions would be most impact-
ul [15,18]. For these applications, it is necessary to first calibrate the
odel to the transmission intensity level of each considered setting,

nd this step can prove challenging for complex models. In addition,
mported cases should be taken into account during this calibration step
n order to distinguish the areas with sustained transmission from those
here transmission is ‘‘importation-driven’’ [19] i.e. vulnerable areas
here the disease would disappear in the absence of importation.

While many models for P. vivax already exist, they are not readily
perationalized for being used routinely at country level, either because
hey do not include all these features, or because their calibration is
ot straightforward to implement. Therefore, in this work, we present a
imple and flexible P. vivax model that makes use of routinely collected
ocal scale case count, intervention and importation data to quantify
ransmission intensity and simulate control strategies. This model is
erived from White et al. [7] and extended to include case management
nterventions and imported infections. It has the potential to include
ector control as well in future applications. The endemic steady state
f the model is used to derive a relationship between the observed
ncidence and the transmission rate, and thus to calculate reproduction
umbers and simulate intervention scenarios based on routine data at
ocal scales.

The remaining sections are structured as follows: In Section 2, the P.
vivax transmission model is presented and the associated reproduction
numbers are derived. The methodology to calculate the transmission
rate from incidence and importation data is presented in Section 3. A
sensitivity analysis to evaluate the effect of the parameters on model
outcomes (reproduction numbers and proportion of relapses) in pre-
sented in Section 4. To evaluate the model’s coherency with previous
published literature, in Section 5, the effect sizes for an intervention
change predicted by the model are compared to the ones from [15].
Section 6 presents an application of the model: the local level transmis-
sion potential of P. vivax in 2018 in Panama is assessed using malaria
case reports. Finally, Section 7 discusses the results and concludes.

2. A compartmental model for P. vivax dynamics accounting for
case management and importation

2.1. Model description

P. vivax dynamics are represented within a deterministic compart-
mental model derived from White et al. [7] (tropical model version).
The original model was simplified by removing the equations represent-
ing the vector dynamics, thus this model approximates the transmission
process with inter-human transmission similar to classical SIS models.
The model is described by a system of ordinary differential equations
schematically presented in Fig. 1, where 𝐼𝐿 is the proportion of in-
fectious individuals with liver and blood stage parasites, 𝐼0 is the
proportion of infectious individuals with only blood stage parasites,
𝑆𝐿 the proportion of susceptibles with liver stage parasites and 𝑆0 the
proportion of fully susceptible individuals, such that 𝐼𝐿+𝐼0+𝑆𝐿+𝑆0 = 1.

is the transmission rate, 𝑟 is the blood-stage clearance rate, 𝛾𝐿 is the
iver-stage clearance rate and 𝑓 is the relapse frequency (all parameters
nd state variables are presented in Table 1).

The model from White et al. [7] is extended in two ways. Firstly,
mportation is included as a rate 𝛿, such that individuals can become
nfectious from a source other than the pool of infectious individuals in
he study population, most likely because they are infected in another
rea although the explicit movement of people is not modelled.

Secondly, case management is included as a proportion of infections
hat would be cured before entering the infected compartments, and
2

Fig. 1. Schematic representation of the model, derived from White et al. [7]. The state
variables 𝑆0, 𝑆𝐿, 𝐼0 and 𝐼𝐿 are defined in the text and in Table 1. Red indicates infec-
ious individuals with blood-stage infection, yellow indicates non-infectious individuals
ith latent liver-stage parasites and blue indicates susceptible malaria-free individuals.

herefore these infections would not contribute to parasite transmis-
ion. The treatment success probability accounts for the blood and
iver stages and is therefore described by two parameters. The effective
reatment rate 𝛼 represents the proportion of infections that would
eceive timely treatment and cure their blood stage parasites. The prob-
bility of radical cure 𝛽 represents the proportion of treated individuals
hose liver-stage parasites would be cleared. Therefore, among the
ew infections, a proportion 𝛼𝛽 would be cured from both their blood
nd liver stage parasites, a proportion 𝛼(1 − 𝛽) would be cured from
heir blood stage infection only, and a proportion 1 − 𝛼 would not be
ffectively treated. Additionally, it is assumed that individuals with a
lood stage-only infection that are re-infected (and therefore develop
n additional liver stage infection) do not seek care for the additional
nfection and therefore are not treated. The model is described by the
ollowing set of ordinary differential equations:
𝑑𝐼𝐿
𝑑𝑡

= (1 − 𝛼)(𝜆(𝐼𝐿 + 𝐼0) + 𝛿)(𝑆0 + 𝑆𝐿)

+ (𝜆(𝐼𝐿 + 𝐼0) + 𝛿)𝐼0 + (1 − 𝛼)𝑓𝑆𝐿 − 𝛾𝐿𝐼𝐿 − 𝑟𝐼𝐿 (1)
𝑑𝐼0
𝑑𝑡

= −(𝜆(𝐼𝐿 + 𝐼0) + 𝛿)𝐼0 + 𝛾𝐿𝐼𝐿 − 𝑟𝐼0 (2)
𝑑𝑆𝐿
𝑑𝑡

= −(1 − 𝛼(1 − 𝛽))(𝜆(𝐼𝐿 + 𝐼0) + 𝛿 + 𝑓 )𝑆𝐿

+ 𝛼(1 − 𝛽)(𝜆(𝐼0 + 𝐼𝐿) + 𝛿)𝑆0 − 𝛾𝐿𝑆𝐿 + 𝑟𝐼𝐿 (3)
𝑑𝑆0
𝑑𝑡

= −(1 − 𝛼𝛽)(𝜆(𝐼𝐿 + 𝐼0) + 𝛿)𝑆0 + (𝜆(𝐼0 + 𝐼𝐿) + 𝛿)𝛼𝛽𝑆𝐿

+ 𝛼𝛽𝑓𝑆𝐿 + 𝛾𝐿𝑆𝐿 + 𝑟𝐼0 (4)

Two special cases can be highlighted. When 𝛿 = 0, the model ignores
importation and reflects exclusively local transmission dynamics. The
case where 𝛼 = 0 represents the transmission dynamics in the absence
of treatment.

The model can easily be extended to include vector control as
indicated in the concluding Section 7.

2.2. Reproduction numbers calculation

We define the reproduction numbers in the absence of importation
(𝛿 = 0) to reflect the intrinsic transmission potential of a given setting.
The basic reproduction number (𝑅0) is defined in the absence of control
interventions (𝛼 = 0) and the reproduction number under control (𝑅𝑐)
is defined in the presence of control interventions, i.e. the presence of

treatment in the context of this model. The reproduction number in
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Table 1
Description of state variables and model parameters.
Notation Description Unit Definition range

State variables
𝐼𝐿 Infectious individuals with liver and blood stage parasites dimensionless [0,1]
𝐼0 Infectious individuals with blood stage parasites only dimensionless [0,1]
𝑆𝐿 Susceptibles individuals with liver stage parasites dimensionless [0,1]
𝑆0 Fully susceptible individuals dimensionless [0,1]

Parameters
𝜆 Transmission rate time−1 ≥ 0
𝑟 Blood stage clearance rate 𝑟 time−1 ≥ 0
𝛾𝐿 Liver stage clearance rate time−1 ≥ 0
𝑓 Relapse frequency time−1 ≥ 0
𝛿 Importation rate time−1 ≥ 0
𝛼 Proportion of effective care dimensionless [0,1]
𝛽 Proportion of radical cure dimensionless [0,1]
𝜌 Observation rate dimensionless [0,1]
𝐼

0

0

𝑆

presence of control interventions is calculated using the next generation
matrix method [20] with:

 =

⎛

⎜

⎜

⎜

⎜

⎝

(1 − 𝛼)𝜆(𝐼𝐿 + 𝐼0)𝑆0
0

𝛼(1 − 𝛽)𝜆(𝐼𝐿 + 𝐼0)𝑆0
0

⎞

⎟

⎟

⎟

⎟

⎠

=

⎛

⎜

⎜

⎜

⎜

⎝

−(1 − 𝛼)𝜆(𝐼𝐿 + 𝐼0)𝑆𝐿 − 𝜆(𝐼𝐿 + 𝐼0)𝐼0 − (1 − 𝛼)𝑓𝑆𝐿 + 𝛾𝐿𝐼𝐿 + 𝑟𝐼𝐿
𝜆(𝐼𝐿 + 𝐼0)𝐼0 − 𝛾𝐿𝐼𝐿 + 𝑟𝐼0

(1 − 𝛼(1 − 𝛽))𝜆(𝐼𝐿 + 𝐼0)𝑆𝐿 + (1 − 𝛼(1 − 𝛽))𝑓𝑆𝐿 + 𝛾𝐿𝑆𝐿 − 𝑟𝐼𝐿
(1 − 𝛼𝛽)𝜆(𝐼𝐿 + 𝐼0)𝑆0 − 𝛼𝛽𝜆(𝐼0 + 𝐼𝐿)𝑆𝐿 − 𝛼𝛽𝑓𝑆𝐿 − 𝛾𝐿𝑆𝐿 − 𝑟𝐼0

⎞

⎟

⎟

⎟

⎟

⎠

The Jacobians in the disease-free equilibrium are:

 (0, 0, 0, 1) =

⎛

⎜

⎜

⎜

⎜

⎝

𝜆(1 − 𝛼) 𝜆(1 − 𝛼) 0 0
0 0 0 0

𝜆𝛼(1 − 𝛽) 𝜆𝛼(1 − 𝛽) 0 0
0 0 0 0

⎞

⎟

⎟

⎟

⎟

⎠

𝐷(0, 0, 0, 1) =

⎛

⎜

⎜

⎜

⎜

⎝

𝛾𝐿 + 𝑟 0 −(1 − 𝛼)𝑓 0
−𝛾𝐿 𝑟 0 0
−𝑟 0 (1 − 𝛼(1 − 𝛽))𝑓 + 𝛾𝐿 0

(1 − 𝛼𝛽)𝜆 (1 − 𝛼𝛽)𝜆 − 𝑟 −𝛼𝛽𝑓 − 𝛾𝐿 0

⎞

⎟

⎟

⎟

⎟

⎠

And keeping only infected states we obtain:

=
⎛

⎜

⎜

⎝

𝜆(1 − 𝛼) 𝜆(1 − 𝛼) 0
0 0 0

𝜆𝛼(1 − 𝛽) 𝜆𝛼(1 − 𝛽) 0

⎞

⎟

⎟

⎠

=
⎛

⎜

⎜

⎝

𝛾𝐿 + 𝑟 0 −(1 − 𝛼)𝑓
−𝛾𝐿 𝑟 0
−𝑟 0 (1 − 𝛼(1 − 𝛽))𝑓 + 𝛾𝐿

⎞

⎟

⎟

⎠

The largest eigenvalue of 𝐹𝑉 −1 is 𝑅𝐶 . Using SymPy for symbolic
alculation [21], we obtain:

𝐶 =
𝜆(1 − 𝛼)(𝛾𝐿 + 𝑟)(𝑓 + 𝛾𝐿)

𝑟
[

𝛾𝐿(𝑓 + 𝛾𝐿 + 𝑟) + 𝛼𝑓 (𝛽(𝑟 + 𝛾𝐿) − 𝛾𝐿)
] (5)

Thus, the basic reproduction number is (setting 𝛼 = 0):

𝑅0 =
𝜆(𝛾𝐿 + 𝑓 )(𝛾𝐿 + 𝑟)
𝑟𝛾𝐿(𝑓 + 𝛾𝐿 + 𝑟)

= 𝜆
𝑟
+

𝜆𝑓
𝛾𝐿(𝑓 + 𝛾𝐿 + 𝑟)

(6)

3. Calculation of the model transmission rate using data on inci-
dence

This section indicates how to compute the transmission parameter
𝜆 from the observed incidence, using the equilibrium solution of the
ODE model. The calculation accounts for the presence of both imported
cases and ongoing control interventions and the 𝜆 estimate can then be
plugged into (5) and (6) to calculate setting specific 𝑅𝑐 and 𝑅0. With
this methodology, the reproduction numbers reflect the transmission
potential of a given setting in the absence of importation if interven-
tions are kept at their current level (𝑅𝑐) or if interventions are removed
(𝑅 ).
0

3

3.1. Calculation of the transmission rate

We define 𝐼 ∶= 𝐼𝐿 + 𝐼0 the proportion of blood-stage infections. Let
∗
𝐿, 𝐼∗0 , 𝑆∗

𝐿, 𝑆∗
0 and 𝐼∗ be the equilibrium proportions.

At the equilibrium, we have the equations

=
𝑑𝐼𝐿
𝑑𝑡

= (1 − 𝛼)(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗) + (𝜆𝐼∗ + 𝛿)𝐼∗0

+ (1 − 𝛼)𝑓𝑆∗
𝐿 − 𝛾𝐿𝐼

∗
𝐿 − 𝑟𝐼∗𝐿 (7)

0 =
𝑑𝐼0
𝑑𝑡

= −(𝜆𝐼∗ + 𝛿)𝐼∗0 + 𝛾𝐿𝐼
∗
𝐿 − 𝑟𝐼∗0 (8)

0 =
𝑑𝑆𝐿
𝑑𝑡

= −(1 − 𝛼(1 − 𝛽))(𝜆𝐼∗ + 𝛿 + 𝑓 )𝑆∗
𝐿 + 𝛼(1 − 𝛽)(𝜆𝐼∗ + 𝛿)𝑆∗

0

− 𝛾𝐿𝑆
∗
𝐿 + 𝑟𝐼∗𝐿 (9)

=
𝑑𝑆0
𝑑𝑡

= −(1 − 𝛼𝛽)(𝜆𝐼∗ + 𝛿)𝑆∗
0 + (𝜆𝐼∗ + 𝛿)𝛼𝛽𝑆∗

𝐿 + 𝛼𝛽𝑓𝑆∗
𝐿

+ 𝛾𝐿𝑆
∗
𝐿 + 𝑟𝐼∗0 (10)

By adding Eqs. (7) and (8) we obtain the additional equation:

0 = 𝑑𝐼
𝑑𝑡

= (1 − 𝛼)(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗) + (1 − 𝛼)𝑓𝑆∗
𝐿 − 𝑟𝐼∗ (11)

We define the observed incidence ℎ ∶= 𝜌[(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗) + 𝑓𝑆∗
𝐿] as

the rate of observed newly arising blood-stage infections before treat-
ment, where 𝜌 is an observation rate. From the equilibrium equation for
𝐼 , we obtain ℎ = 𝑟𝜌𝐼∗

1−𝛼 , and therefore 𝐼∗ can be derived from observed
quantities and model parameters as:

𝐼∗ =
ℎ(1 − 𝛼)

𝜌𝑟
(12)

As 𝑟 > 0 is necessary for the denominator to not be zero and because
this condition is verified in all biologically plausible cases, we will
continue with this assumption throughout the rest of the paper. If on
the other hand ℎ = 0 or 𝛼 = 1, we have 𝐼∗ = 0. Being in the disease-
free equilibrium makes it impossible to derive 𝜆. Because of this, we
will also make the two further assumptions that ℎ > 0 and 𝛼 < 1.

The proportion of imported cases 𝑝 is defined such that 𝑝ℎ ∶= 𝜌𝛿(1−
𝐼∗) represents the imported cases and (1 − 𝑝)ℎ = 𝜌[𝜆𝐼∗(1 − 𝐼∗) + 𝑓𝑆∗

𝐿]
the locally acquired cases. Therefore, 𝛿 can be derived from observed
quantities and model parameters as:

𝛿 =
𝑝ℎ

𝜌(1 − 𝐼∗)
=

𝑝ℎ𝑟
𝑟𝜌 − ℎ(1 − 𝛼)

(13)

We then rely on the equilibrium relationships to calculate 𝜆 based
on observed incidence ℎ and the other model parameters. Solving (9)
for 𝑆∗

𝐿 by remembering that 𝑆∗
0 = 1 − 𝐼∗ − 𝑆∗

𝐿 gives:

∗
𝐿 =

𝑟𝐼∗𝐿 + 𝛼(1 − 𝛽)(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗)
𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + (1 − 𝛼(1 − 𝛽))𝑓

(14)

(if the denominator is 0 we necessarily have either 𝜆𝐼∗ = 𝛿 = 𝑓 = 0,
which in turn yields ℎ = 0, or 𝛼 = 1, both of which we assumed not to
be the case).
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Likewise, we can solve Eq. (8) for 𝐼∗𝐿 by remembering that 𝐼∗0 =
𝐼∗ − 𝐼∗𝐿:

𝐼∗𝐿 = 𝐼∗[𝜆𝐼∗ + 𝛿 + 𝑟]
𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + 𝑟 (15)

(the denominator is not zero as we assumed 𝑟 > 0).
Plugging (15) into (14) yields:

∗
𝐿 =

𝛼(1 − 𝛽)(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗)(𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + 𝑟) + 𝑟𝐼∗(𝜆𝐼∗ + 𝛿 + 𝑟)
(

𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + (1 − 𝛼(1 − 𝛽))𝑓
)(

𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + 𝑟
)

Now, plugging this into (11), multiplying by the denominator and
dividing by (1 − 𝛼) we obtain:

0 =
(

𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + (1 − 𝛼(1 − 𝛽))𝑓
)(

𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + 𝑟
)

×
(

(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗) − 𝑟
1 − 𝛼

𝐼∗
)

+ 𝑓𝛼(1 − 𝛽)(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗)(𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + 𝑟) + 𝑓𝑟𝐼∗(𝜆𝐼∗ + 𝛿 + 𝑟)

(16)

earranging the terms by powers of 𝜆, we get the equation:

= 𝜆3𝐼∗3(1 − 𝐼∗)

+ 𝜆2
[

𝐼∗2(1 − 𝐼∗)(3𝛿 + 2𝛾𝐿 + 𝑟 + 𝑓 ) − 𝐼∗3 𝑟
1 − 𝛼

]

+ 𝜆
[

𝐼∗(1 − 𝐼∗)[(𝛿 + 𝛾𝐿 + 𝑓 )(𝛿 + 𝛾𝐿 + 𝑟) + 𝛿(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝑓 )]

− 𝐼∗2 𝑟
1 − 𝛼

(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝛼𝛽𝑓 )
]

+ (𝛿 + 𝛾𝐿 + 𝑟)
(

𝛿(1 − 𝐼∗)(𝛿 + 𝛾𝐿 + 𝑓 ) − 𝑟𝐼∗

1 − 𝛼
(𝛿 + 𝛾𝐿 + (1 − 𝛼(1 − 𝛽))𝑓 )

)

+ 𝑓𝑟(𝛿 + 𝑟)𝐼∗ (17)

As long as the assumptions 𝑟 > 0, ℎ > 0 and 𝛼 < 1 are met, multi-
lication by the denominator of 𝑆∗

𝐿 is an equivalent transformation, so
ny non-negative root of this polynomial is a solution of the system of
quilibrium equations.

Even though there is an explicit formula for the roots of a polyno-
ial of degree 3, the complexity of the coefficients makes it intractable.
evertheless, we can analyse it for a qualitative result:

heorem 1. If ℎ > 0, 𝑟 > 0 and 𝛼 < 1, the function

(𝜆) =𝜆3𝐼∗3(1 − 𝐼∗)

+ 𝜆2
[

𝐼∗2(1 − 𝐼∗)(3𝛿 + 2𝛾𝐿 + 𝑟 + 𝑓 ) − 𝐼∗3 𝑟
1 − 𝛼

]

+ 𝜆
[

𝐼∗(1 − 𝐼∗)[(𝛿 + 𝛾𝐿 + 𝑓 )(𝛿 + 𝛾𝐿 + 𝑟) + 𝛿(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝑓 )]

− 𝐼∗2 𝑟
1 − 𝛼

(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝛼𝛽𝑓 )
]

+ (𝛿 + 𝛾𝐿 + 𝑟)
(

𝛿(1 − 𝐼∗)(𝛿 + 𝛾𝐿 + 𝑓 ) − 𝑟𝐼∗

1 − 𝛼
(𝛿 + 𝛾𝐿 + (1 − 𝛼(1 − 𝛽))𝑓 )

)

+ 𝑓𝑟(𝛿 + 𝑟)𝐼∗

has at most one positive real root.
It has two non-negative real roots (i.e. one of them is 0) only if 𝛼𝛽 =

𝛾𝐿 = 𝛿 = 0 (corresponding to an equilibrium of relapses and recoveries
without liver-stage clearance).

The proof is given in A. This result makes it possible to calculate nu-
merically the unique non-negative solution for given parameter values
(except if 𝛼𝛽 = 𝛾𝐿 = 𝛿 = 0).

3.2. Validity conditions

Theorem 1 guarantees that there cannot be more than one positive
root, however some cases arise where there is no positive solution for
𝜆. To illustrate these situations, we can note from the definition of ℎ
that:
ℎ = 𝜆𝐼∗(1 − 𝐼∗) + 𝛿(1 − 𝐼∗) + 𝑓𝑆∗

𝜌 𝐿

4

ℎ
𝜌
= 𝜆𝐼∗(1 − 𝐼∗) + 𝑝ℎ

𝜌
+ 𝑓𝑆∗

𝐿

𝜆𝐼∗(1 − 𝐼∗) = ℎ
𝜌
− 𝑝ℎ

𝜌
− 𝑓𝑆∗

𝐿

In realistic situations which are compatible with the endemic equi-
librium, we have 0 < 𝐼∗ < 1, so we can deduce that if 𝜆 > 0, then

ℎ
𝜌
> 𝑝ℎ

𝜌
+ 𝑓𝑆∗

𝐿 (18)

Because local vector-borne transmission cannot be negative (no
iological meaning), the total of new infections due to relapses (𝑓𝑆∗

𝐿)
and importation (𝑝 ℎ

𝜌 ) should not exceed the total number of new
infections ( ℎ𝜌 ). As 𝑆∗

𝐿 depends on 𝜆, Eq. (18) does not provide a criterion
for the existence of a positive solution. The criterion on the parameters
𝛼, 𝛽, 𝛾𝐿, 𝛿, 𝑟 and 𝑓 as well as 𝐼∗ is presented in Theorem 2.

Theorem 2. If ℎ > 0, 𝑟 > 0 and 𝛼 < 1, the function

(𝜆) = 𝜆3𝐼∗3(1 − 𝐼∗)

+ 𝜆2
[

𝐼∗2(1 − 𝐼∗)(3𝛿 + 2𝛾𝐿 + 𝑟 + 𝑓 ) − 𝐼∗3 𝑟
1 − 𝛼

]

+ 𝜆
[

𝐼∗(1 − 𝐼∗)[(𝛿 + 𝛾𝐿 + 𝑓 )(𝛿 + 𝛾𝐿 + 𝑟) + 𝛿(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝑓 )]

− 𝐼∗2 𝑟
1 − 𝛼

(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝛼𝛽𝑓 )
]

+ (𝛿 + 𝛾𝐿 + 𝑟)
(

𝛿(1 − 𝐼∗)(𝛿 + 𝛾𝐿 + 𝑓 ) − 𝑟𝐼∗

1 − 𝛼
(𝛿 + 𝛾𝐿 + (1 − 𝛼(1 − 𝛽))𝑓 )

)

+ 𝑓𝑟(𝛿 + 𝑟)𝐼∗

as a non-negative root if and only if the constant term is non-positive, i.e.

𝛿 + 𝛾𝐿 + 𝑟)
(

𝛿(1 − 𝐼∗)(𝛿 + 𝛾𝐿 + 𝑓 ) − 𝑟𝐼∗

1 − 𝛼
(𝛿 + 𝛾𝐿 + (1 − 𝛼(1 − 𝛽))𝑓 )

)

+ 𝑓𝑟(𝛿 + 𝑟)𝐼∗ ≤ 0. (19)

It has a strictly positive root if and only if one of the following conditions is
met:

1. The constant term is strictly negative.
2. The constant term is 0 and the coefficient of the linear term is strictly
negative, i.e.

𝐼∗(1 − 𝐼∗)[(𝛿 + 𝛾𝐿 + 𝑓 )(𝛿 + 𝛾𝐿 + 𝑟) + 𝛿(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝑓 )]

− 𝐼∗2 𝑟
1 − 𝛼

(2𝛿 + 2𝛾𝐿 + 𝑟 + 𝛼𝛽𝑓 ) < 0.

The proof is given in Appendix A. As an example, the parameter
space for which 𝜆 is real positive is explored numerically in Fig. 2.
Overall, 𝜆 is well defined when the proportion of imports does not
exceed a certain threshold that depends strongly on case management
parameters, and to a lesser extent on incidence.

Additionally, we need 𝐼∗ < 1 and therefore, ℎ < 𝜌𝑟
1−𝛼 , leading

to an upper bound on the feasible incidence space which is rarely
reached in practical applications. In any case, it can be noted that the
simplified representation of P. vivax transmission in this model is not
suitable for high incidence settings, where immunity is expected to play
a large role in the disease dynamics and should be explicitly modelled.
Settings with important immunity levels could be characterized by an
entomological inoculation rate over 10 and hence a parasite prevalence
rate (measured by microscopy) approximately superior to 5% following
results from [14].

4. Effect of the parameters on the model outcomes

In this section, we explore the sensitivity of the model outcomes
depending on the inputs parameters. Because the model is intended to
be used for an unknown transmission rate 𝜆 but with known incidence
and importation levels, the analysis is conducted under three observed
incidence scenarios (5, 50 and 100 cases per 1000 person–year) and
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Fig. 2. Calculated 𝜆 values for varying incidence and importation levels, under 9 case management scenarios (𝛼 and 𝛽). Grey areas indicate that there is no real positive solution
for 𝜆. Other parameters are fixed to the following values from [7] (𝑓 = 1∕72, 𝛾𝐿 = 1∕223, 𝑟 = 1∕60) and 𝜌 = 1.
Table 2
Parameter ranges considered in the LHS scheme for sensitivity analysis.
Parameter Range Reference

Biological parameters
Blood stage clearance rate 𝑟 (day−1) 1/85–1/35 centered around 1/60 [7]
Liver stage clearance rate 𝛾𝐿 (day−1) 1/500–1/200 covering median values from [7]
Relapse frequency 𝑓 (day−1) 1/175–1/40 covering median values from [7]

Case management parameters
Proportion of notified cases 𝜌 0.1–0.8 assumed
Proportion of effective care 𝛼 0.1–0.8 assumed
Proportion of radical cure 𝛽 0–1 .
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two importation scenarios (0% and 10% of the new cases including
both new infections and relapses). The model outcomes considered
are the reproduction numbers (𝑅0 and 𝑅𝑐) and the proportion of
ew infections due to relapses (defined as 𝜌𝑓𝑆∗

𝐿
ℎ ). Therefore, for each

parameter set and scenario, the associated value for 𝜆 is calculated and
sed in the formulae given in (6), (5) and (14). With this approach, we
xplore how from the same observed data different model outcomes can
e inferred, based on various assumptions for input parameter values.

The six model parameters (𝑟, 𝛾𝐿, 𝑓 , 𝜌, 𝛼 and 𝛽) are sampled using a
aximin latin hypercube sampling scheme of dimension 10,000 (from
hs R package [22]), with uniform ranges as indicated in Table 2. We
eglect the dependence between the parameters governing the liver
tage dynamics (𝛾𝐿 and 𝑓 ) [7,23] and sample them independently to
xplore the effect of all their potential combinations on the outcomes.

.1. Uncertainty analysis

The overall variation in the three outcome quantities is presented
n Fig. 3A. 𝑅0 values display large variability, with most values con-
entrated between 1 and 5, but ranging to more than 20 for some
arameter sets. 𝑅0 is lower when the importation rate is higher, but
or the considered incidence and importation scenarios, the variation
cross parameter values within a given scenario is larger than the
ariation between these scenarios.

On the contrary, the importation level strongly influences the 𝑅𝑐
alues. In the absence of importation, due to the model assumption of
ndemic equilibrium, 𝑅𝑐 values must be above 1. Consequently, the
btained values are very close to 1 and increase with increasing inci-
ence. When importation is assumed to be 10%, 𝑅𝑐 values are largely
ariable between 0 and 1, with some values above 1 and most values
lose to 0.7. As expected, accounting for importation influences the

ualitative interpretation of the reproduction number under control: t

5

he same incidence level corresponds to a higher local risk if it is
ntirely attributed to local transmission rather than if it is ignited by
mportation.

The proportion of relapses among new infections varies widely
cross parameters values, with a median close to 60%, and similar
anges of values are observed for the three incidence levels and the
wo importation levels.

.2. Sensitivity analysis

The relative contribution of the parameters to the variability ob-
erved is explored by variance decomposition [24], calculating Sobol
ndices with the soboljansen function of the sensitivity R package [25],
hich is based on [26,27]. The first order and total effects are presented

n Fig. 3B. Overall, the parameters related to case management and
eporting are more influential on the reproduction numbers and relapse
roportion than the biological parameters governing the clearance and
elapse rates. The shape of the association of the case management
arameters with the three outcomes is displayed in Fig. 3C.

The effective coverage parameters (𝛼 and 𝛽) are the most influential
n 𝑅0 (Sobol indices above 0.6 and 0.2 respectively) and they are both
ositively associated with the outcome regardless of the importation
evel. Although these parameters do not enter in Eq. (6), their val-
es influence the estimated transmission rate 𝜆 for a given observed
ncidence. We can interpret this association in the following way:
hen assuming high intensity of effective control, the only possibility

o retrieve the observed incidence is with a higher intrinsic risk of
ransmission. And inversely, for the same observed incidence, a low
ntensity of control will suggest that the intrinsic risk is also low.

On the contrary, the effect of the model parameters on 𝑅𝑐 differs
epending on the level of importation. In the absence of importation,
he most influential parameter is the observation rate 𝜌 (negative
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Fig. 3. Sensitivity of 𝑅0, 𝑅𝑐 and the proportion of relapses to the model parameters for differing incidence and importation scenarios. A. Distribution of the outcome values given
the variability in parameters. B. Sobol indices (first order and total effects) quantifying the relative contribution of the input parameters to the variance in each outcome. Similar
findings were observed for the 3 considered incidence levels, and only the scenario with incidence = 50 per 1000 PY is displayed. C. Relationship between the case management
parameters and the three outcome variables. The simulated parameter ranges were subdivided into 50 bins, and the median, minimum and maximum within each bin are displayed
(solid line and shaded area). Similar findings were observed for the 3 considered incidence levels, and only the scenario with incidence = 50 per 1000 PY is displayed.
e
a
c

association): a higher observation rate indicates a lower number of
unreported infections for the same number of reported infections and
therefore a lower overall transmission risk. When importation is as-
sumed to be 10%, the most influential parameter is the probability
of radical cure 𝛽 (positive association). Higher values for 𝛽 lead to
higher values of the transmission rate 𝜆 that overcompensate the direct
negative effect of 𝛽 on 𝑅𝑐 .

Concerning the proportion of relapses, unsuprisingly, the probabil-
ity of radical cure 𝛽 is the most influential parameter: improving the
treatment of liver-stage parasite reduces the proportion of relapses.
This effect is very similar for the three incidence levels and the two
importation levels considered.

5. Comparison of intervention effect sizes with those by [15]

One intended use of this model is to quantify the impact of anti-
malarial interventions such as changes in case management. In the
absence of a dataset with enough details for a formal validation,
6

the model is confronted to a more detailed individual-based P. vivax
transmission model [14,15]. Because of their very different structure
and levels of complexity, this individual-based model and the com-
partmental model represented by Eqs. (1)–(4) do not share the same
scope of applications and are not interchangeable; however, it is im-
portant to ensure that they provide coherent results with one another.
The objective is therefore to evaluate if the simple model presented
here predicts intervention effect sizes of similar magnitude as those
produced by Nekkab et al. [15] when increasing the proportion of
radical cure by introducing tafenoquine in the treatment pathway.
The parameters for the main scenario under the three incidence levels
detailed in Nekkab et al. [15] were extracted and incorporated in
the present model, as indicated in Table 3. For each setting, we first
calculated the transmission parameter 𝜆 from the observed incidence
under the primaquine scenario (PQ, using 𝛽 = 𝛽𝑃𝑄). The associated
quilibrium values for the state variables are also derived. These values
re then used to simulate another scenario where the rate of radical
ure was increased from 𝛽𝑃𝑄 to 𝛽𝑇𝑄. The observed incidence after
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Table 3
Comparison of effect sizes after 5 years in the model with those from [15]. *the blood stage clearance rate is not directly comparable with the
model used in [15], therefore the baseline value from [7] was used.
Setting Low incidence Intermediate incidence Very high incidence
Cases per 1000 PY 23 112 267
Assumed importation 0 0 0

Parameters from [15]
Blood stage clearance rate* 𝑟 (day−1) 1/60 1/60 1/60
Liver stage clearance rate 𝛾𝐿 (day−1) 1/383 1/383 1/383
Relapse frequency 𝑓 (day−1) 1/69 1/69 1/69
Proportion of clinical cases (assumed equal to 𝜌) 0.18 0.13 0.08
Proportion of effective care 𝛼 0.95𝜌 0.95𝜌 0.95𝜌
Proportion of radical cure with PQ 𝛽𝑃𝑄 0.431 0.429 0.422
Proportion of radical cure with TQ 𝛽𝑇𝑄 0.59 0.605 0.619

Effect sizes
In [15] (S1) 31.9% (19.8–44.3) 17.9% (13.2–21.7) 9.1% (6.8–10.4)
Calculated with the model 32% 17% 1%
6

u

p
P

5 years of tafenoquine use is compared to the initial one to produce
the effect sizes.

The present model managed to reproduce effect sizes of similar mag-
nitude in the first two transmission settings but failed in the very high
incidence setting (cf. Table 3). This is an encouraging finding given the
large difference in model complexity. The discrepancy between the two
models in the very high incidence setting can be explained by the strong
role of immunity which is ignored in our simple model. Therefore, our
simple model is not suitable for representing high transmission settings
but provides reasonable results in low transmission settings where it is
intended to be used.

6. Application: calculation of local reproduction numbers in
Panama

The model is now applied to identify P. vivax transmission foci
in Panama, by calculating local reproduction numbers based on the
reported incidence from 2018. Like many countries in Central America,
Panama is on the path to malaria elimination and its malaria burden
is largely attributable to P. vivax. In 2018, more than 700 P. vivax
cases were reported in the country (and only 2 P. falciparum cases), a
otal that was similar to previous years [28]. The identification of areas
here transmission is sustained, as opposed to areas where malaria is

mportation-driven, could be helpful for targeting control interventions.

.1. Data description

The spatial unit of the analysis are Panama’s corregimientos, the
mallest administrative subdivisions above locality. Data on malaria
ases were extracted from the malaria module of SISVIG, the Ministry of
ealth’s national surveillance system [29], with population denomina-

ors from the 2010 census [30]. In this database, each case is associated
ith a locality of detection i.e. where the malaria test was sampled,
nd a locality of origin i.e. where malaria transmission is considered to
ave occurred. The locality of origin is assigned manually for each case,
ased on the patient’s place of residence (default) and their history of
ravel in the last 30 days (if reported and available). For this analysis,
he reported P. vivax cases during 2018 and population estimates per
orregimiento were combined to calculate incidence at the corregimiento
evel (corregimiento of detection). We defined imported cases as either
ases imported from overseas or cases where the corregimiento of origin
as different from the corregimiento of detection. The incidence and
roportion of imported cases per corregimiento are presented in Fig. 4.
he analysis was restricted to corregimientos in the four malaria endemic
ealth regions of the country (Darién, Kuna Yala, Ngäbe-Buglé and
anamá Este) where at least one local case was observed. In the areas
onsidered, reported incidence in 2018 ranged from 0 to 109 cases per
000 person–year with varying proportions of importation between 0
nd 50%.
7

.2. Statistical model for representing data uncertainty

In order to propagate data uncertainty in the model outcomes, the
ncertainty on the measurement of ℎ and 𝑝 can be modelled as follows.

Let 𝑐 be the annually reported number of cases in a given area with
opulation size 𝑁 . We can assume that 𝑐 is a random draw from the
oisson-distributed variable 𝐶 ∼ (ℎ̃𝑁), where ℎ̃ is the annual rate

of reported incidence (using ℎ̃ = 365ℎ). We can perform inference
on ℎ̃ in the Bayesian framework, using the conjugate Jeffreys prior
ℎ̃ ∼ 𝐺𝑎𝑚𝑚𝑎(1∕2, 0), thus giving the following posterior distribution (as
for example in [31]):

ℎ̃|(𝐶 = 𝑐) ∼ 𝐺𝑎𝑚𝑚𝑎(1∕2 + 𝑐,𝑁)

Similarly, let 𝑦 be the annually reported number of imported cases
in a given area with 𝑐 annually reported cases. We can assume that 𝑦 is a
random draw from the binomial-distributed variable 𝑌 ∼ 𝐵(𝑝, 𝑐), where
𝑝 is the probability that a case is imported. We can perform inference
on 𝑝 in the Bayesian framework, using the conjugate Jeffreys prior
𝑝 ∼ 𝐵𝑒𝑡𝑎(1∕2, 1∕2)), thus giving the following posterior distribution:

𝑝|(𝑌 = 𝑦) ∼ 𝐵𝑒𝑡𝑎(1∕2 + 𝑦, 1∕2 + 𝑐 − 𝑦)

For each corregimiento, 10,000 sets for (𝑝, ℎ̃) were drawn from these
two posterior distributions, and the resulting credible intervals are
shown in Fig. B.7 in B. By construction, when no imported case was
reported, the observed value for the proportion of importation lies at
the edge of the credible interval. The corresponding 𝑅0 and 𝑅𝑐 can then
be derived for each set, thus providing uncertainty estimates on these
quantities.

6.3. Model parameterization

The biological parameters (𝑟, 𝑓 and 𝛾𝐿) are fixed as in [7] whereas
the case management parameters are selected to reflect the Panama
context. We assumed that all reported cases are treated with anti-
schizonticidal drugs (𝜌 = 𝛼). This assumes that all cases diagnosed
with a P. vivax infection are reported in the system and receive a
chloroquine treatment with 100% efficacy against the blood stage
parasites. These cases are assumed to be those who simultaneously 1)
present clinical symptoms (assuming they do not have low parasite
densities and represent approximately 30% of the infections [32]), 2)
seek treatment with rate 𝜏 and 3) are diagnosed positive with a rapid
diagnostic test with 95% sensitivity [33]. The treatment seeking rate 𝜏
is highly uncertain, and therefore, 3 scenarios were considered (25, 50
and 75%), leading to effective cure rates 𝛼 of 7, 14 and 21%.

The probability of liver stage clearance with PQ (𝛽) was assumed
to depend on adherence and drug efficacy. Adherence was assumed
to be 100% for the individuals receiving Directly Observed Therapy
(DOT), i.e. 64.5% of the cases. For those that did not receive DOT,
we estimate that 62.2% of them would complete treatment, based on
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Fig. 4. Case and importation P. vivax data in 2018 in all corregimientos within Panama’s four endemic health regions reporting at least one local case. Left panel: Incidence per
1000 person–year, missing values indicate the absence of any case report and therefore the likely absence of malaria transmission. Right panel: Proportion of the reported cases
that originated from another corregimiento.
an estimate from Peru [34] with use of the same PQ scheme. This
amounted to an additional 21.8% of patients completing treatment. A
study in Colombia with the same PQ scheme [35] has been found to
result in 18% recurrence rate for patients completing treatment and we
use this value to evaluate the treatment failure probability. For patients
completing the PQ treatment, relapses occur with a probability equal
to the product of the treatment failure probability and the baseline
relapse probability. The baseline relapse probability is 𝑓∕(𝑓 + 𝛾𝐿), as
some individuals might clear their liver-stage parasites before relapsing,
and it is approximately equal to 0.76 with the chosen parameter values.
Thus, we assume the PQ treatment failure probability to be equal
to 0.18/0.76 = 0.24, corresponding to 76% PQ efficacy. With these
assumptions, it is assumed that 66% (0.76 * (64.5 + 21.8)) of treated
individuals successfully clear their liver-stage parasites. We assume that
there is no testing for G6PD deficiency, and that individuals are not
excluded for this purpose.

One corregimiento fell outside of the validity condition space for
positive 𝜆: it has an incidence equal to 1.7 per 1000 PY with 50% of
imported cases, and was excluded from the subsequent analyses.

6.4. Results

The estimated local reproduction numbers with and without con-
trol are presented in Fig. 5. The model can identify corregimientos
where both 𝑅0 and 𝑅𝑐 are below the threshold value 1, indicating
that malaria transmission in these regions is only sustained through
importation, and would stop if the area was isolated. In other cor-
regimientos, 𝑅0 is above 1 but 𝑅𝑐 is below 1, indicating that current case
management practice keeps transmission under control, and malaria
propagation would stop in the absence of importation if interventions
are maintained at their current level. Finally, in a certain number of cor-
regimientos, both 𝑅0 and 𝑅𝑐 are estimated above 1, indicating ongoing
malaria transmission and a potential need for additional control inter-
ventions, however, it is important to note that 𝑅𝑐 > 1 by construction in
all areas where the proportion of importation is zero. Assuming higher
access to care leads generally to higher 𝑅0 values and lower 𝑅𝑐 values.

When accounting for the uncertainty in data observation (cf. Fig. 6),
in some corregimientos where the 𝑅𝑐 point estimate was below 1, the
credible interval for 𝑅𝑐 contains the value 1 and hence the presence
of sustained transmission cannot be ruled out. Conversely, in all areas
where the 𝑅𝑐 point estimate was above 1, the credible interval extends
below the value 1: there is therefore a relevant amount of uncertainty in
the data that needs to be accounted for when interpreting the obtained
results. The uncertainty is particularly large in corregimientos with very
few reported cases and no reported importation (and hence where the
𝑅𝑐 point estimate is above 1 by construction). In these settings, the
point estimate for both reproduction numbers lies on the edge of their
credible interval because all posterior draws include a larger amount
of importation than the observed data, leading to smaller reproduction
numbers. Overall, of the 24 corregimientos in the four endemic regions
8

that have observed local incidence and for which the validity conditions
were verified, 15 have credible intervals for 𝑅𝑐 that contain the value 1
for at least one treatment seeking scenario: there is thus a potential for
active transmission in these areas and hence a need for additional or
strengthened interventions. Nevertheless, given the results of the uncer-
tainty analysis and the variability across treatment seeking scenarios,
a finer quantification of access to care probabilities would be required
in order to draw actionable conclusions in the Panama context, which
is beyond the scope of the current manuscript.

7. Discussion and conclusion

This work builds on previous literature [7] and presents a parsi-
monious compartmental model for P. vivax transmission that includes
imported infections and case management control interventions. It also
highlights how to calculate the transmission rate associated with a
certain observed incidence by solving the steady state of the model. The
simplicity of this model makes it a desirable tool to answer program-
matic questions in a rapid and transparent manner. This is illustrated
with an application of the model to calculate local reproduction num-
bers in Panama: the model can identify areas of sustained transmission
that can be targeted for additional or strengthened control interven-
tions. The model can also be used to simulate the effect of changes
in the intervention strategies as it manages to produce effect sizes of
similar magnitude as a more complex individual-based model [15] for
settings with low and moderate transmission intensities.

Although the mosquito dynamics are not explicitly modelled, vector
control can be directly included in the model as a reduction of the
intensity of transmission 𝜆, following Briët et al. [36]. The transmission
parameter 𝜆 becomes 𝜔𝜆 where 𝜔 ∈ [0, 1] represents the intensity of
vector control and can be informed by an external model for vector
dynamics [36,37]. The absence of vector control corresponds to the
case 𝜔 = 1, and 𝜔 = 0 represents perfect vector control that completely
disables vector-borne transmission. The methodology presented in Sec-
tion 3 remains unchanged, except that it calculates 𝜔𝜆 and not 𝜆. This
change would only influence the intrinsic risk 𝑅0 (values 𝑅𝑐 remaining
unchanged) and the extended model could also be used for simulation
of vector control intervention scenarios.

Thanks to its simple compartmental structure and the availability
of analytical results, the model provides almost instantaneous computa-
tion of reproduction numbers, and rapid simulation of model dynamics.
Therefore, uncertainty in the data or in parameter distributions can
be very easily propagated in the estimates and simulations when they
are available. One example of uncertainty quantification for incidence
and importation data was presented here, but other statistical models
could be used similarly, to better reflect the assumptions in the data
generation process.

The simplicity in the compartmental model’s structure also makes
it possible to perform sensitivity analyses over a large sampling space
to explore the influence of parameters on the outputs. In particular,
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B

Fig. 5. Reproduction numbers calculated by the model - 𝑅0 and 𝑅𝑐 - for three case management scenarios. A1, B1 and C1 display the basic reproduction number 𝑅0 while A2,

2 and C2 display the reproduction number in the presence of control 𝑅𝑐 . A. Assuming that treatment seeking rate is 25%, 𝛼 = 𝜌 = 0.07. B. Assuming that treatment seeking rate
is 50%, 𝛼 = 𝜌 = 0.14. C. Assuming that treatment seeking rate is 75%, 𝛼 = 𝜌 = 0.21. The other parameters are fixed as follow: 𝑟 = 1∕60, 𝑓 = 1∕72, 𝛾𝐿 = 1∕223 [7], and 𝛽 = 0.66.
we show that this model is most sensitive to parameters reflecting the
intensity of case management (effective cure rate of blood and liver
stages as well as reporting), thus highlighting the importance of precise
measures of these parameters or of an appropriate quantification of
their uncertainties. With additional data on regional differences in
case reporting and case management access in Panama, the application
presented here can be extended to better account for local variations in
current case management practices when identifying transmission foci.

The degree of case importation also had a strong influence on the
model result: as expected, the local transmission is higher if all the
reported cases contracted the disease locally rather than elsewhere.
Therefore, patient travel history provides valuable information in order
to disentangle the relative roles of autochthonous transmission and
importation on the observed incidence patterns, even when the origin
of transmission is not fully known [38]. Notably, this method only ac-
counts for returning travellers and not for individuals from other areas
that would initiate local transmission chains (visitors) [39] and this
simplification could lead to an overestimation of local transmission po-
tential if the amount of visitors is large. We also assume that imported
and local infections are reported with the same rate and that there is
no systematic bias in reporting between the two. Nevertheless, with this
modelling choice, local importation patterns can be accounted for in a
simplified way, which can prove very useful when the detailed mobility
data necessary to build an inter-connected model [40] is not available.

This methodology has also some limitations. First of all, due to
its simplicity, this model ignores several biological mechanisms of
parasite propagation. In particular, the development of immunity is not
9

included because it is assumed to play a minor role in the low trans-
mission settings where this model is intended to be used. In areas with
high transmission intensity, other more complex models accounting for
immunity should be used instead. The effect of seasonality was also
ignored, as only annual data was used. Therefore, the model might un-
derestimate the risk in the presence of very short seasonal transmission
peaks: it can nevertheless help to identify ‘‘relative spatial differences
in risk across the study area’’ [41]. Importantly, case management is
included in the model in a simplified way, assuming that individuals
manage to be cured before they are capable of transmitting the disease.
This is an important simplification, as symptomatic patients with P.
vivax infections often carry mature gametocytes at the time of treat-
ment [42]. This model may therefore overestimate the impact of case
management on P. vivax transmission. Further extensions of the model
including an interval before treatment during which transmission can
occur will be considered in future work.

Secondly, the calculation of the transmission rate using observed
incidence relies on the steady-state assumption. Although it provides
a simple expression for model calibration, it makes the assumption
that transmission is stable over the years, and that transmission would
remain at the same constant level in the absence of any intervention
changes. If sufficient data is available to study the temporal trend
in reported incidence, other statistical methods for fitting [43] could
be used to relax this assumption. Moreover, as countries get closer
to elimination and reach very low incidence levels, the steady-state
assumption is unlikely to hold at local levels and other models could be
used, either by considering connectivity across all areas and assuming
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Fig. 6. Reproduction numbers and associated modelled uncertainty, in the different corregimientos grouped by health region (based on 10,000 draws). Only corregimientos within
the four endemic regions reporting at least one local case in 2018 and where the validity conditions are met for the observed values 𝑝 and ℎ̃ are displayed. The dots indicate the
point estimate obtained for the observed values of ℎ̃ and 𝑝. The error bars indicate the 95% credible intervals from the empirical distribution of 𝑅0 and 𝑅𝑐 values obtained from
he 10,000 draws from the posterior distribution of ℎ̃ and 𝑝. The black vertical line indicates the threshold value 1. Some the posterior draws from 𝑝 and ℎ̃ lead either to invalid
arameter combinations for a positive 𝜆 or to ℎ values close to zero (the selected cut-off was ℎ < 1.10−8): in these cases, the reproduction numbers could not be calculated, and
hese draws are ignored in the credible interval calculation.
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lobal equilibrium only [40,44] or by using other approaches for foci
etection in very low transmission settings (less than 20 reported cases
er year) similar to [45].

Finally, the model is deterministic: it does not reproduce the vari-
bility observed in very low transmission settings or for very small
opulation sizes and therefore cannot simulate elimination events. Nev-
rtheless, the simplicity of the compartmental structure enables direct
xtensions of the model for stochastic simulations using the Gillespie
r 𝜏-leap algorithms. With the stochastic version of this model, the
robability of elimination under several intervention scenarios could
e computed.

Despite these limitations, this model has the advantage that it re-
uires very short running times, and that analytical results are available
or its calibration at equilibrium and the conditions thereof. These ad-
antages also make it a portable tool that could be used by a wide range
f users, without specific computer language or code requirements.
n order to enhance country-specific applications, an R package for
eproduction number calculation and simulations with this model has
een created (https://github.com/SwissTPH/VivaxModelR).

In conclusion, we present a model of P. vivax dynamics which is
uitable for an intermediate range of transmission settings and whose
lexibility and transparency are useful for timely country-specific appli-
ations.
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ppendix A. Proofs

roof of Theorem 1.
Before beginning the proof, we point out the fact that ℎ > 0, 𝑟 > 0

nd 𝛼 < 1 imply 0 < 𝐼∗ < 1.
To make the dependence of 𝑃 on 𝑓 visible, let us denote it 𝑃𝑓 . Then,

𝑓 (𝜆) = 𝑃0(𝜆) + 𝑓𝑄(𝜆)

ith

0(𝜆) = (𝜆𝐼∗ + 𝛿 + 𝛾𝐿)(𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + 𝑟)
(

(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗) − 𝑟
1 − 𝛼

𝐼∗
)

and

𝑄(𝜆) = 𝜆2𝐼∗2(1 − 𝐼∗)

+ 𝜆
[

𝐼∗(1 − 𝐼∗)
(

(𝛿 + 𝛾𝐿 + 𝑟) + 𝛿
)

− 𝐼∗2
𝛼𝛽

1 − 𝛼
𝑟
]

+ (𝛿 + 𝛾𝐿 + 𝑟)
(

(1 − 𝐼∗)𝛿 − 𝐼∗
1 − 𝛼(1 − 𝛽)

1 − 𝛼
𝑟
)

+ 𝑟(𝛿 + 𝑟)𝐼∗

= (𝜆𝐼∗ + 𝛿 + 𝛾𝐿 + 𝑟)
(

(𝜆𝐼∗ + 𝛿)(1 − 𝐼∗) −
𝛼𝛽

1 − 𝛼
𝑟𝐼∗

)

⏟⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏟⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏞⏟
𝑅(𝜆)

−𝛾𝐿𝑟𝐼∗.

e will start with the case 𝑓 = 0.
11
From the shape of 𝑃0 one can easily see that the three roots in that
ase are
𝛿 + 𝛾𝐿 + 𝑟

𝐼∗
, −

𝛿 + 𝛾𝐿
𝐼∗

and 𝑟
1 − 𝛼

1
1 − 𝐼∗

− 𝛿
𝐼∗

.

ordered from smallest to largest. Only the last two of them may be non-
negative, and the middle one only in the case 𝛿 = 𝛾𝐿 = 0, and in that
ase, from 𝜆 = 𝛿 = 𝑓 = 0 it follows ℎ = 0, contradicting our assumption,
o this is no solution.

Now we turn to the case 𝑓 > 0.
It is easily seen that 𝑃0+𝑓𝑅 is a polynomial of degree 3 with positive

eading coefficient and a root at 𝜆1 ∶= − 𝛿+𝛾𝐿+𝑟
𝐼∗ .

Let us now first consider the case 𝛾𝐿 > 0. In that case we also see
that

𝑃0(−
𝛿
𝐼∗

)
⏟⏞⏟⏞⏟

<0

+ 𝑓𝑅(− 𝛿
𝐼∗

)
⏟⏞⏞⏟⏞⏞⏟

≤0

< 0. (A.1)

As lim𝜆→∞ 𝑃0(𝜆) + 𝑓𝑅(𝜆) = ∞, from the intermediate value theorem it
follows that 𝑃0+𝑓𝑅 has a root 𝜆3 to the right of − 𝛿

𝐼∗ . Since every simple
root is accompanied with a sign change, the last root 𝜆2 has to be to
the left of − 𝛿

𝐼∗ . In particular, 𝜆1 and 𝜆2 are both negative.
We will now prove that by adding −𝑓𝛾𝐿𝑟𝐼∗, we will not get a

non-negative root:
Since −𝑓𝛾𝐿𝑟𝐼∗ < 0, we have

𝑃𝑓 (𝜆) = 𝑃0(𝜆) + 𝑓𝑅(𝜆) − 𝑓𝛾𝐿𝑟𝐼
∗ < 0 for 𝜆 ∈ [0, 𝜆3], (A.2)

implying that there cannot be a root in that interval.
On the other hand, it is a known fact that the inflection point of a

polynomial of degree 3 with three real roots lies between the smallest
and the largest root. This implies that 𝑃0 + 𝑓𝑅 is strictly convex in the
interval ]𝜆 ,∞[. Since 𝑃 = 𝑃 + 𝑓𝑅 − 𝑓𝛾 𝑟𝐼∗ has the same second
3 𝑓 0 𝐿
Fig. B.7. Credible intervals for the annual incidence (per 1000 person–year) and 𝑝 per corregimiento, based on 10,000 random draws from their posterior distributions. Only
orregimientos within the four endemic health regions reporting at least one local case in 2018 and where the validity conditions are met for the observed values 𝑝 and ℎ̃ are

displayed. The dots indicate the observed values for the incidence and 𝑝.
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derivative, it is also strictly convex in that interval. This, combined with
the fact that 𝑃𝑓 (𝜆3) = −𝑓𝛾𝐿𝑟𝐼∗ < 0, implies that there is only one root
of 𝑃𝑓 in that interval. This finishes the proof in the case 𝛾𝐿 > 0.

Now we turn to the case 𝛾𝐿 = 0. Then, 𝑃𝑓 = 𝑃0 + 𝑓𝑅.
We again know the root − 𝛿+𝑟

𝐼∗ and we see that

𝑓 (−
𝛿
𝐼∗

) = 𝑃0(−
𝛿
𝐼∗

)
⏟⏞⏟⏞⏟

=0

+𝑓𝑅(− 𝛿
𝐼∗

) = − 𝑓𝑟
⏟⏟⏟

≠0

𝛼𝛽
1 − 𝛼

𝑟𝐼∗
⏟⏟⏟

≠0

. (A.3)

If this term is 0 (which is the case if and only if 𝛼𝛽 = 0), we see that − 𝛿
𝐼∗

s also a root of 𝑃𝑓 . This root is only non-negative if 𝛿 = 0, which is the
ase of endless relapses and recoveries without liver-stage clearance.

Otherwise, the term must be negative. Then again, since every
imple root is accompanied with a sign change, we know that there
ust be exactly one root to the right of − 𝛿

𝐼∗ . □

roof of Theorem 2.
These are direct consequences of the fact that the polynomial func-

ion 𝑃 has positive leading coefficient and at most one positive root:
The leading coefficient being positive implies that lim𝜆→∞ 𝑃 (𝜆) =

+∞.
The constant term is the value 𝑃 (0). If this is negative, by the

ntermediate value theorem there has to be a root between 0 and ∞,
i.e. a positive root.

If 𝑃 (0) > 0, the fact that lim𝜆→∞ 𝑃 (𝜆) > 0 implies that there has to
be an even number of places the 𝜆-axis is crossed between 0 and ∞. As
there is only at most one single strictly positive root, there must be 0.

The last case is 𝑃 (0) = 0. In that case we obviously found a non-
negative root. For an answer to the question about an additional,
strictly positive root, we look at the coefficient of the linear term. This
is the value of 𝑃 ′(0).

If 𝑃 ′(0) < 0, there exists a 𝜆 > 0 with 𝑃 (𝜆) < 0, so with the same
argument as above, there must be a positive root between this 𝜆 and

.
In the same vein, if 𝑃 ′(0) > 0, for any sufficiently small 𝜆 > 0,

(𝜆) > 0. There cannot be a root larger than any such 𝜆, as these
rossings of the 𝜆-axis would have to appear pairwise as above.

The last case is 𝑃 ′(0) = 0. In that case, we already have two
coinciding) non-negative roots of 𝑃 (𝜆) at 0. As we have ruled out the
ossibility of three non-negative roots, there cannot be any further. □

ppendix B. Additional results: uncertainty quantification on in-
idence and proportion of importation

See Fig. B.7.

eferences

[1] World Health Organization, Global Malaria Programme, World Health Organi-
zation, Control and elimination of plasmodium vivax malaria: a technical brief,
2015, URL: https://apps.who.int/iris/handle/10665/181162?locale-attribute=de.

[2] Q. Bassat, M. Velarde, I. Mueller, J. Lin, T. Leslie, C. Wongsrichanalai, J.K. Baird,
Key knowledge gaps for plasmodium vivax control and elimination, Am. J. Trop.
Med. Hyg. 95 (6 Suppl) (2016) 62–71, http://dx.doi.org/10.4269/ajtmh.16-
0180.

[3] A. Devine, K.E. Battle, N. Meagher, R.E. Howes, S. Dini, P.W. Gething,
J.A. Simpson, R.N. Price, Y. Lubell, Global economic costs due to vi-
vax malaria and the potential impact of its radical cure: A modelling
study, PLOS Med. 18 (6) (2021) e1003614, http://dx.doi.org/10.1371/journal.
pmed.1003614, URL: https://journals.plos.org/plosmedicine/article?id=10.1371/
journal.pmed.1003614, Publisher: Public Library of Science.

[4] K.E. Battle, T.C.D. Lucas, M. Nguyen, R.E. Howes, A.K. Nandi, K.A. Twohig, D.A.
Pfeffer, E. Cameron, P.C. Rao, D. Casey, H.S. Gibson, J.A. Rozier, U. Dalrymple,
S.H. Keddie, E.L. Collins, J.R. Harris, C.A. Guerra, M.P. Thorn, D. Bisanzio,
N. Fullman, C.K. Huynh, X. Kulikoff, M.J. Kutz, A.D. Lopez, A.H. Mokdad,
M. Naghavi, G. Nguyen, K.A. Shackelford, T. Vos, H. Wang, S.S. Lim, C.J.L.
Murray, R.N. Price, J.K. Baird, D.L. Smith, S. Bhatt, D.J. Weiss, S.I. Hay, P.W.
Gething, Mapping the global endemicity and clinical burden of plasmodium
12
vivax, 2000–17: a spatial and temporal modelling study, Lancet 394 (10195)
(2019) 332–343, http://dx.doi.org/10.1016/S0140-6736(19)31096-7, URL: http:
//www.sciencedirect.com/science/article/pii/S0140673619310967.

[5] R.J. Longley, M.T. White, E. Takashima, J. Brewster, M. Morita, M. Harbers,
T. Obadia, L.J. Robinson, F. Matsuura, Z.S.J. Liu, C.S.N. Li-Wai-Suen, W.-H.
Tham, J. Healer, C. Huon, C.E. Chitnis, W. Nguitragool, W. Monteiro, C. Proietti,
D.L. Doolan, A.M. Siqueira, X.C. Ding, I.J. Gonzalez, J. Kazura, M. Lacerda, J.
Sattabongkot, T. Tsuboi, I. Mueller, Development and validation of serological
markers for detecting recent plasmodium vivax infection, Nature Med. 26
(5) (2020) 741–749, http://dx.doi.org/10.1038/s41591-020-0841-4, URL: https:
//www.nature.com/articles/s41591-020-0841-4, Number: 5 Publisher: Nature
Publishing Group.

[6] L.J. Robinson, R. Wampfler, I. Betuela, S. Karl, M.T. White, C.S.N. Li Wai Suen,
N.E. Hofmann, B. Kinboro, A. Waltmann, J. Brewster, L. Lorry, N. Tarongka,
L. Samol, M. Silkey, Q. Bassat, P.M. Siba, L. Schofield, I. Felger, I. Mueller,
Strategies for understanding and reducing the plasmodium vivax and Plasmodium
ovale Hypnozoite reservoir in papua new guinean children: A randomised
placebo-controlled trial and mathematical model, PLoS Med. 12 (10) (2015)
http://dx.doi.org/10.1371/journal.pmed.1001891, URL: https://www.ncbi.nlm.
nih.gov/pmc/articles/PMC4624431/.

[7] M.T. White, G. Shirreff, S. Karl, A.C. Ghani, I. Mueller, Variation in relapse fre-
quency and the transmission potential of Plasmodium vivax malaria, Proc. Royal
Soc. B 283 (1827) (2016) 20160048, http://dx.doi.org/10.1098/rspb.2016.0048,
URL: https://royalsocietypublishing.org/doi/10.1098/rspb.2016.0048, Publisher:
Royal Society.

[8] A.P. De Zoysa, C. Mendis, A.C. Gamage-Mendis, S. Weerasinghe, P.R. Herath,
K.N. Mendis, A mathematical model for Plasmodium vivax malaria transmission:
estimation of the impact of transmission-blocking immunity in an endemic area.,
Bull. World. Health. Organ. 69 (6) (1991) 725–734, URL: https://www.ncbi.nlm.
nih.gov/pmc/articles/PMC2393321/.

[9] A. Kammanee, N. Kanyamee, I.-M. Tang, Basic reproduction number for the
transmission of Plasmodium vivax malaria, Southeast Asian J. Trop. Med. Public
Health 32 (2002) 702–706.

[10] H. Ishikawa, A. Ishii, N. Nagai, H. Ohmae, M. Harada, S. Suguri, J. Leafasia, A
mathematical model for the transmission of Plasmodium vivax malaria, Parasitol.
Int. 52 (1) (2003) 81–93, http://dx.doi.org/10.1016/S1383-5769(02)00084-3,
URL: http://www.sciencedirect.com/science/article/pii/S1383576902000843.

[11] R. Aguas, M.U. Ferreira, M.G.M. Gomes, Modeling the effects of re-
lapse in the transmission dynamics of malaria parasites, J. Parasitol. Res.
(2012) http://dx.doi.org/10.1155/2012/921715, URL: https://pubmed.ncbi.nlm.
nih.gov/21966590/.

[12] M. Roy, M.J. Bouma, E.L. Ionides, R.C. Dhiman, M. Pascual, The potential elimi-
nation of Plasmodium vivax malaria by relapse treatment: Insights from a trans-
mission model and surveillance data from NW India, PLoS Negl. Trop. Dis. 7 (1)
(2013) e1979, http://dx.doi.org/10.1371/journal.pntd.0001979, URL: https://
journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0001979, Publisher:
Public Library of Science.

[13] F. Chamchod, J.C. Beier, Modeling plasmodium vivax: Relapses, treatment,
seasonality, and G6PD deficiency, J. Theoret. Biol. 316 (2013) 25–34, http:
//dx.doi.org/10.1016/j.jtbi.2012.08.024, URL: http://www.sciencedirect.com/
science/article/pii/S0022519312004468.

[14] M.T. White, P. Walker, S. Karl, M.W. Hetzel, T. Freeman, A. Waltmann, M.
Laman, L.J. Robinson, A. Ghani, I. Mueller, Mathematical modelling of the
impact of expanding levels of malaria control interventions on Plasmodium vivax,
Nature Commun. 9 (1) (2018) 1–10, http://dx.doi.org/10.1038/s41467-018-
05860-8, URL: https://www.nature.com/articles/s41467-018-05860-8, Number:
1 Publisher: Nature Publishing Group.

[15] N. Nekkab, R. Lana, M. Lacerda, T. Obadia, A. Siqueira, W. Mon-
teiro, D. Villela, I. Mueller, M. White, Estimated impact of tafenoquine
for Plasmodium vivax control and elimination in Brazil: A modelling
study, PLoS Med. 18 (4) (2021) e1003535, http://dx.doi.org/10.1371/journal.
pmed.1003535, URL: https://journals.plos.org/plosmedicine/article?id=10.1371/
journal.pmed.1003535, Publisher: Public Library of Science.

[16] P. Pongsumpun, I.-M. Tang, Mathematical model for the transmission of P.
falciparum and P. vivax Malaria along the Thai-Myanmar border, Int. J. Biol.
Med. Sci. (2008) 8.

[17] The malERA Consultative Group on Modeling, A research agenda for Malaria
eradication: Modeling, PLoS Med. 8 (1) (2011) e1000403, http://dx.doi.org/
10.1371/journal.pmed.1000403, URL: https://journals.plos.org/plosmedicine/
article?id=10.1371/journal.pmed.1000403, Publisher: Public Library of Science.

[18] M. Runge, R.W. Snow, F. Molteni, S. Thawer, A. Mohamed, R. Mandike, E.
Giorgi, P.M. Macharia, T.A. Smith, C. Lengeler, E. Pothin, Simulating the council-
specific impact of anti-malaria interventions: A tool to support malaria strategic
planning in Tanzania, PLoS One 15 (2) (2020) e0228469, http://dx.doi.org/10.
1371/journal.pone.0228469, URL: https://journals.plos.org/plosone/article?id=
10.1371/journal.pone.0228469, Publisher: Public Library of Science.

[19] A. McLure, K. Glass, Some simple rules for estimating reproduction num-
bers in the presence of reservoir exposure or imported cases, Theor. Popul.
Biol. (2020) http://dx.doi.org/10.1016/j.tpb.2020.04.002, URL: http://www.
sciencedirect.com/science/article/pii/S0040580920300319.

https://apps.who.int/iris/handle/10665/181162?locale-attribute=de
http://dx.doi.org/10.4269/ajtmh.16-0180
http://dx.doi.org/10.4269/ajtmh.16-0180
http://dx.doi.org/10.4269/ajtmh.16-0180
http://dx.doi.org/10.1371/journal.pmed.1003614
http://dx.doi.org/10.1371/journal.pmed.1003614
http://dx.doi.org/10.1371/journal.pmed.1003614
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1003614
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1003614
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1003614
http://dx.doi.org/10.1016/S0140-6736(19)31096-7
http://www.sciencedirect.com/science/article/pii/S0140673619310967
http://www.sciencedirect.com/science/article/pii/S0140673619310967
http://www.sciencedirect.com/science/article/pii/S0140673619310967
http://dx.doi.org/10.1038/s41591-020-0841-4
https://www.nature.com/articles/s41591-020-0841-4
https://www.nature.com/articles/s41591-020-0841-4
https://www.nature.com/articles/s41591-020-0841-4
http://dx.doi.org/10.1371/journal.pmed.1001891
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC4624431/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC4624431/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC4624431/
http://dx.doi.org/10.1098/rspb.2016.0048
https://royalsocietypublishing.org/doi/10.1098/rspb.2016.0048
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2393321/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2393321/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2393321/
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb9
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb9
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb9
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb9
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb9
http://dx.doi.org/10.1016/S1383-5769(02)00084-3
http://www.sciencedirect.com/science/article/pii/S1383576902000843
http://dx.doi.org/10.1155/2012/921715
https://pubmed.ncbi.nlm.nih.gov/21966590/
https://pubmed.ncbi.nlm.nih.gov/21966590/
https://pubmed.ncbi.nlm.nih.gov/21966590/
http://dx.doi.org/10.1371/journal.pntd.0001979
https://journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0001979
https://journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0001979
https://journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0001979
http://dx.doi.org/10.1016/j.jtbi.2012.08.024
http://dx.doi.org/10.1016/j.jtbi.2012.08.024
http://dx.doi.org/10.1016/j.jtbi.2012.08.024
http://www.sciencedirect.com/science/article/pii/S0022519312004468
http://www.sciencedirect.com/science/article/pii/S0022519312004468
http://www.sciencedirect.com/science/article/pii/S0022519312004468
http://dx.doi.org/10.1038/s41467-018-05860-8
http://dx.doi.org/10.1038/s41467-018-05860-8
http://dx.doi.org/10.1038/s41467-018-05860-8
https://www.nature.com/articles/s41467-018-05860-8
http://dx.doi.org/10.1371/journal.pmed.1003535
http://dx.doi.org/10.1371/journal.pmed.1003535
http://dx.doi.org/10.1371/journal.pmed.1003535
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1003535
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1003535
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1003535
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb16
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb16
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb16
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb16
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb16
http://dx.doi.org/10.1371/journal.pmed.1000403
http://dx.doi.org/10.1371/journal.pmed.1000403
http://dx.doi.org/10.1371/journal.pmed.1000403
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1000403
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1000403
https://journals.plos.org/plosmedicine/article?id=10.1371/journal.pmed.1000403
http://dx.doi.org/10.1371/journal.pone.0228469
http://dx.doi.org/10.1371/journal.pone.0228469
http://dx.doi.org/10.1371/journal.pone.0228469
https://journals.plos.org/plosone/article?id=10.1371/journal.pone.0228469
https://journals.plos.org/plosone/article?id=10.1371/journal.pone.0228469
https://journals.plos.org/plosone/article?id=10.1371/journal.pone.0228469
http://dx.doi.org/10.1016/j.tpb.2020.04.002
http://www.sciencedirect.com/science/article/pii/S0040580920300319
http://www.sciencedirect.com/science/article/pii/S0040580920300319
http://www.sciencedirect.com/science/article/pii/S0040580920300319


C. Champagne, M. Gerhards, J. Lana et al. Mathematical Biosciences 343 (2022) 108750
[20] P. van den Driessche, J. Watmough, Reproduction numbers and sub-threshold
endemic equilibria for compartmental models of disease transmission, Math.
Biosci. 180 (1) (2002) 29–48, http://dx.doi.org/10.1016/S0025-5564(02)00108-
6, URL: http://www.sciencedirect.com/science/article/pii/S0025556402001086.

[21] A. Meurer, C.P. Smith, M. Paprocki, O. Čertík, S.B. Kirpichev, M. Rocklin, A.
Kumar, S. Ivanov, J.K. Moore, S. Singh, T. Rathnayake, S. Vig, B.E. Granger, R.P.
Muller, F. Bonazzi, H. Gupta, S. Vats, F. Johansson, F. Pedregosa, M.J. Curry,
A.R. Terrel, v. Roučka, A. Saboo, I. Fernando, S. Kulal, R. Cimrman, A. Scopatz,
SymPy: symbolic computing in Python, PeerJ Comput. Sci. 3 (2017) e103, http:
//dx.doi.org/10.7717/peerj-cs.103, URL: https://doi.org/10.7717/peerj-cs.103.

[22] R. Carnell, lhs: Latin hypercube samples, 2020, URL: https://CRAN.R-project.
org/package=lhs.

[23] M.T. White, S. Karl, K.E. Battle, S.I. Hay, I. Mueller, A.C. Ghani, Mod-
elling the contribution of the hypnozoite reservoir to Plasmodium vivax
transmission, ELife 3 (2014) e04692, http://dx.doi.org/10.7554/eLife.04692,
URL: https://doi.org/10.7554/eLife.04692, Publisher: eLife Sciences Publications,
Ltd.

[24] B. Iooss, P. Lemaître, A review on global sensitivity analysis methods, in: C.
Meloni and G. Dellino. Uncertainty Management in Simulation-Optimization of
Complex Systems: Algorithms and Applications, Springer, Springer US, 2015,
URL: https://hal.archives-ouvertes.fr/hal-00975701.

[25] B. Iooss, S.D. Veiga, A.J.a.G. Pujol, w.c.f.B. Broto, K. Boumhaout, T. Delage, R.E.
Amri, J. Fruth, L. Gilquin, J. Guillaume, L.L. Gratiet, P. Lemaitre, A. Marrel,
A. Meynaoui, B.L. Nelson, F. Monari, R. Oomen, O. Rakovec, B. Ramos, O.
Roustant, E. Song, J. Staum, R. Sueur, T. Touati, F. Weber, Sensitivity: Global
sensitivity analysis of model outputs, 2020, URL: https://CRAN.R-project.org/
package=sensitivity.

[26] M.J.W. Jansen, Analysis of variance designs for model output, Comput. Phys.
Comm. 117 (1) (1999) 35–43, http://dx.doi.org/10.1016/S0010-4655(98)00154-
4, URL: http://www.sciencedirect.com/science/article/pii/S0010465598001544.

[27] A. Saltelli, P. Annoni, I. Azzini, F. Campolongo, M. Ratto, S. Tarantola, Variance
based sensitivity analysis of model output. design and estimator for the total
sensitivity index, Comput. Phys. Comm. 181 (2) (2010) 259–270, http://dx.doi.
org/10.1016/j.cpc.2009.09.018, URL: https://linkinghub.elsevier.com/retrieve/
pii/S0010465509003087.

[28] World Health Organization, World Malaria Report 2020, Technical Report, 2020,
URL: https://www.who.int/publications/i/item/9789240015791.

[29] Ministerio de Salud de Panamá, Sistema WEB de vigilancia epidemiológica de
panamá, 2021, URL: https://sisvigplus.minsa.gob.pa/sisvigmalaria/.

[30] Instituto Nacional de Estadística y Censo, Nomenclatura o listado alfabético de
los lugares de la república, 2011, Volumen I: Lugares Poblados de la República:
2010, URL: https://www.inec.gob.pa/archivos/P3551Nomenclatura.xls.

[31] L. Held, BayesIan methods in epidemiology, in: Handbook of Epidemiology,
Second Edition, 2014.

[32] Q. Cheng, J. Cunningham, M.L. Gatton, Systematic review of sub-microscopic p.
vivax infections: Prevalence and determining factors, PLoS Negl. Trop. Dis. 9 (1)
(2015) e3413, http://dx.doi.org/10.1371/journal.pntd.0003413, URL: https://
journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0003413, Publisher:
Public Library of Science.

[33] K. Abba, A.J. Kirkham, P.L. Olliaro, J.J. Deeks, S. Donegan, P. Garner, Y.
Takwoingi, Rapid diagnostic tests for diagnosing uncomplicated non-falciparum
or Plasmodium vivax malaria in endemic countries, Cochrane Database of System-
atic Reviews (12) (2014) http://dx.doi.org/10.1002/14651858.CD011431, URL:
https://www.cochranelibrary.com/cdsr/doi/10.1002/14651858.CD011431/full,
Publisher: John Wiley & Sons, Ltd.
13
[34] K.P. Grietens, V. Soto, A. Erhart, J.M. Ribera, E. Toomer, A. Tenorio, T.G.
Montalvo, H. Rodriguez, A.L. Cuentas, U. D’Alessandro, D. Gamboa, Adher-
ence to 7-day primaquine treatment for the radical cure of P. vivax in the
peruvian amazon, Am. J. Trop. Med. Hyg. 82 (6) (2010) 1017–1023, http:
//dx.doi.org/10.4269/ajtmh.2010.09-0521, URL: https://www.ncbi.nlm.nih.gov/
pmc/articles/PMC2877405/.

[35] G. Álvarez, J.-G. Piñeros, A. Tobón, A. Ríos, A. Maestre, S. Blair,
J. Carmona-Fonseca, Efficacy of three chloroquine–primaquine regimens
for treatment of plasmodium vivax malaria in Colombia, Am. J. Trop.
Med. Hyg. 75 (4) (2006) 605–609, http://dx.doi.org/10.4269/ajtmh.2006.
75.605, URL: http://www.ajtmh.org/content/journals/10.4269/ajtmh.2006.75.
605;jsessionid=9rClNeoZwmLLP9UVZfVspwWo.ip-10-241-1-122, Publisher: The
American Society of Tropical Medicine and Hygiene.

[36] O.J.T. Briët, D.E. Impoinvil, N. Chitnis, E. Pothin, J.F. Lemoine, J. Frederic, T.A.
Smith, Models of effectiveness of interventions against malaria transmitted by
anopheles albimanus, Malar. J. 18 (1) (2019) 263, http://dx.doi.org/10.1186/
s12936-019-2899-3, URL: https://malariajournal.biomedcentral.com/articles/10.
1186/s12936-019-2899-3.

[37] M. Golumbeanu, O. Briet, C. Champagne, J. Lemant, B. Zogo, M. Gerhards, M.
Sinka, M. Penny, E. Pothin, T. Smith, AnophelesModel: An R package to quantify
the effect of vector bionomics on the impact of vector control interventions
against malaria transmitted by Anopheles mosquitoes, (In preparation), URL:
https://github.com/SwissTPH/AnophelesModel, accessed: 2021-10-26.

[38] T.S. Churcher, J.M. Cohen, J. Novotny, N. Ntshalintshali, S. Kunene, S.
Cauchemez, Measuring the path toward malaria elimination, Science 344
(6189) (2014) 1230–1232, http://dx.doi.org/10.1126/science.1251449, Pub-
lisher: American Association for the Advancement of Science Section:Policy
Forum, URL: https://science.sciencemag.org/content/344/6189/1230.

[39] A. Wesolowski, N. Eagle, A.J. Tatem, D.L. Smith, A.M. Noor, R.W. Snow, C.O.
Buckee, Quantifying the impact of human mobility on malaria, Science 338
(6104) (2012) 267–270, http://dx.doi.org/10.1126/science.1223467.

[40] N.W. Ruktanonchai, P. DeLeenheer, A.J. Tatem, V.A. Alegana, T.T. Caughlin, E.
zu Erbach-Schoenberg, C. Lourenço, C.W. Ruktanonchai, D.L. Smith, Identifying
malaria transmission foci for elimination using human mobility data, PLoS
Comput. Biol. 12 (4) (2016) e1004846, http://dx.doi.org/10.1371/journal.pcbi.
1004846.

[41] Y. Cheng, N.B. Tjaden, A. Jaeschke, S.M. Thomas, C. Beierkuhnlein, Deriving
risk maps from epidemiological models of vector borne diseases: State-of-the-
art and suggestions for best practice, Epidemics 33 (2020) 100411, http://
dx.doi.org/10.1016/j.epidem.2020.100411, URL: http://www.sciencedirect.com/
science/article/pii/S1755436520300359.

[42] N.M. Douglas, N.M. Anstey, B.J. Angus, F. Nosten, R.N. Price, Artemisinin
combination therapy for vivax malaria, Lancet. Infect. Dis. 10 (6) (2010)
405–416, http://dx.doi.org/10.1016/S1473-3099(10)70079-7, URL: https://
linkinghub.elsevier.com/retrieve/pii/S1473309910700797.

[43] M. Baguelin, G.F. Medley, E.S. Nightingale, K.M. O’Reilly, E.M. Rees, N.R.
Waterlow, M. Wagner, Tooling-up for infectious disease transmission modelling,
Epidemics 32 (2020) 100395, http://dx.doi.org/10.1016/j.epidem.2020.100395,
URL: http://www.sciencedirect.com/science/article/pii/S1755436520300220.

[44] N.W. Ruktanonchai, D.L. Smith, P. De Leenheer, Parasite sources and sinks
in a patched Ross–Macdonald malaria model with human and mosquito
movement: Implications for control, Math. Biosci. 279 (2016) 90–101, http:
//dx.doi.org/10.1016/j.mbs.2016.06.012, URL: http://www.sciencedirect.com/
science/article/pii/S0025556416300815.

[45] I. Routledge, J.E.R. Chevéz, Z.M. Cucunubá, M.G. Rodriguez, C. Guinovart,
K.B. Gustafson, K. Schneider, P.G.T. Walker, A.C. Ghani, S. Bhatt, Estimating
spatiotemporally varying malaria reproduction numbers in a near elimination
setting, Nature Commun. 9 (1) (2018) 2476, http://dx.doi.org/10.1038/s41467-
018-04577-y, Number: 1 Publisher: Nature Publishing Group, URL: https://www.
nature.com/articles/s41467-018-04577-y.

http://dx.doi.org/10.1016/S0025-5564(02)00108-6
http://dx.doi.org/10.1016/S0025-5564(02)00108-6
http://dx.doi.org/10.1016/S0025-5564(02)00108-6
http://www.sciencedirect.com/science/article/pii/S0025556402001086
http://dx.doi.org/10.7717/peerj-cs.103
http://dx.doi.org/10.7717/peerj-cs.103
http://dx.doi.org/10.7717/peerj-cs.103
https://doi.org/10.7717/peerj-cs.103
https://CRAN.R-project.org/package=lhs
https://CRAN.R-project.org/package=lhs
https://CRAN.R-project.org/package=lhs
http://dx.doi.org/10.7554/eLife.04692
https://doi.org/10.7554/eLife.04692
https://hal.archives-ouvertes.fr/hal-00975701
https://CRAN.R-project.org/package=sensitivity
https://CRAN.R-project.org/package=sensitivity
https://CRAN.R-project.org/package=sensitivity
http://dx.doi.org/10.1016/S0010-4655(98)00154-4
http://dx.doi.org/10.1016/S0010-4655(98)00154-4
http://dx.doi.org/10.1016/S0010-4655(98)00154-4
http://www.sciencedirect.com/science/article/pii/S0010465598001544
http://dx.doi.org/10.1016/j.cpc.2009.09.018
http://dx.doi.org/10.1016/j.cpc.2009.09.018
http://dx.doi.org/10.1016/j.cpc.2009.09.018
https://linkinghub.elsevier.com/retrieve/pii/S0010465509003087
https://linkinghub.elsevier.com/retrieve/pii/S0010465509003087
https://linkinghub.elsevier.com/retrieve/pii/S0010465509003087
https://www.who.int/publications/i/item/9789240015791
https://sisvigplus.minsa.gob.pa/sisvigmalaria/
https://www.inec.gob.pa/archivos/P3551Nomenclatura.xls
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb31
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb31
http://refhub.elsevier.com/S0025-5564(21)00154-1/sb31
http://dx.doi.org/10.1371/journal.pntd.0003413
https://journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0003413
https://journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0003413
https://journals.plos.org/plosntds/article?id=10.1371/journal.pntd.0003413
http://dx.doi.org/10.1002/14651858.CD011431
https://www.cochranelibrary.com/cdsr/doi/10.1002/14651858.CD011431/full
http://dx.doi.org/10.4269/ajtmh.2010.09-0521
http://dx.doi.org/10.4269/ajtmh.2010.09-0521
http://dx.doi.org/10.4269/ajtmh.2010.09-0521
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2877405/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2877405/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2877405/
http://dx.doi.org/10.4269/ajtmh.2006.75.605
http://dx.doi.org/10.4269/ajtmh.2006.75.605
http://dx.doi.org/10.4269/ajtmh.2006.75.605
http://www.ajtmh.org/content/journals/10.4269/ajtmh.2006.75.605;jsessionid=9rClNeoZwmLLP9UVZfVspwWo.ip-10-241-1-122
http://www.ajtmh.org/content/journals/10.4269/ajtmh.2006.75.605;jsessionid=9rClNeoZwmLLP9UVZfVspwWo.ip-10-241-1-122
http://www.ajtmh.org/content/journals/10.4269/ajtmh.2006.75.605;jsessionid=9rClNeoZwmLLP9UVZfVspwWo.ip-10-241-1-122
http://dx.doi.org/10.1186/s12936-019-2899-3
http://dx.doi.org/10.1186/s12936-019-2899-3
http://dx.doi.org/10.1186/s12936-019-2899-3
https://malariajournal.biomedcentral.com/articles/10.1186/s12936-019-2899-3
https://malariajournal.biomedcentral.com/articles/10.1186/s12936-019-2899-3
https://malariajournal.biomedcentral.com/articles/10.1186/s12936-019-2899-3
https://github.com/SwissTPH/AnophelesModel
http://dx.doi.org/10.1126/science.1251449
https://science.sciencemag.org/content/344/6189/1230
http://dx.doi.org/10.1126/science.1223467
http://dx.doi.org/10.1371/journal.pcbi.1004846
http://dx.doi.org/10.1371/journal.pcbi.1004846
http://dx.doi.org/10.1371/journal.pcbi.1004846
http://dx.doi.org/10.1016/j.epidem.2020.100411
http://dx.doi.org/10.1016/j.epidem.2020.100411
http://dx.doi.org/10.1016/j.epidem.2020.100411
http://www.sciencedirect.com/science/article/pii/S1755436520300359
http://www.sciencedirect.com/science/article/pii/S1755436520300359
http://www.sciencedirect.com/science/article/pii/S1755436520300359
http://dx.doi.org/10.1016/S1473-3099(10)70079-7
https://linkinghub.elsevier.com/retrieve/pii/S1473309910700797
https://linkinghub.elsevier.com/retrieve/pii/S1473309910700797
https://linkinghub.elsevier.com/retrieve/pii/S1473309910700797
http://dx.doi.org/10.1016/j.epidem.2020.100395
http://www.sciencedirect.com/science/article/pii/S1755436520300220
http://dx.doi.org/10.1016/j.mbs.2016.06.012
http://dx.doi.org/10.1016/j.mbs.2016.06.012
http://dx.doi.org/10.1016/j.mbs.2016.06.012
http://www.sciencedirect.com/science/article/pii/S0025556416300815
http://www.sciencedirect.com/science/article/pii/S0025556416300815
http://www.sciencedirect.com/science/article/pii/S0025556416300815
http://dx.doi.org/10.1038/s41467-018-04577-y
http://dx.doi.org/10.1038/s41467-018-04577-y
http://dx.doi.org/10.1038/s41467-018-04577-y
https://www.nature.com/articles/s41467-018-04577-y
https://www.nature.com/articles/s41467-018-04577-y
https://www.nature.com/articles/s41467-018-04577-y

	Using observed incidence to calibrate the transmission level of a mathematical model for Plasmodium vivax dynamics including case management and importation 
	Introduction
	A compartmental model for P. vivax dynamics accounting for case management and importation
	Model description
	Reproduction numbers calculation

	Calculation of the model transmission rate using data on incidence
	Calculation of the transmission rate
	Validity conditions

	Effect of the parameters on the model outcomes
	Uncertainty analysis
	Sensitivity analysis

	Comparison of intervention effect sizes with those by nekkabestimated2021
	Application: calculation of local reproduction numbers in Panama
	Data description
	Statistical model for representing data uncertainty
	Model parameterization
	Results

	Discussion and conclusion
	CRediT authorship contribution statement
	Declaration of competing interest
	Data availability
	Acknowledgements
	Appendix A. Proofs
	Appendix B. Additional results: uncertainty quantification on incidence and proportion of importation
	References


